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7o IEAEEE I IE - ST LAE B R E CHBEYRE AR R - REH
CHITESEBLUEAR - a0 ~ RRIE ~ T5RITT R 150 Y 56 & 1 Joy e i B
1% EEIFERETENEPAER » FESPEHI GHEEEE - TFEK
EAN VR ERE BB IR TT - ZREEHEINBOE ~ HEHREHE R

( Dwianto, Nurmandi, & Salahudin, 2021; Sabatovych, 2019; Yaqub, Chun,
Atluri, & Vaidya, 2021) » #5 it m] BIH gt filg (R R BV B AT AR BIAE - AR
PE PR AU AMTRVEOK - B BhI B S st A AR -

TR EIRRE - 4P amiE 2 BRI B T 28 - B8Rt R
BRAVEZOR - THAEFBIARENRE  RES S L wABE B
A2 LR miE R R S anE e IR ER R R ERNE
HEE - A0 MESEREEC NS EES SN » BT SIOR A
JeFHOIPk 8 B R e am I AV Aduh - 1 bz BB N S AE R S IR TR
AT - HENHE KR E R REE TIFFEEE R ERERZIR
ENG: » BHE F IR A8 28 TARRY AL Rl RS B A8 SR (BB S A T e F e
2R GRDE  H 53R EISTERERL - o5 A KA RS s SR BV EURG0
DAy A » FEFTHR ffe b B R e A S S S Sl DL R R ORI AY 7 1) - R - A
B BRES B T B A ERNE - T2 AR R 28
TEERFETEE R - A S LR AT Hh BUK REAY 4 I B G M S R PR 2
FHEAR S AN E EE R ? A amBVERE R RE R ? BEm N
B TRz ERGE A R R e ?

i~ SRR 3
— ~ XANREBRM DT

HETT SCARIF AT (sentiment analysis) B 5 #ET T U 52 SO G| g2 1Y THIR
H o BT SRR A A E WY o S2EEE (Chinese word segmentation )
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25 0 TR TR o 2 R RRME B S 7 2 - ARG &
2 L SCBR RS S i 4 F

(—) XAFaRIE

S TH i B R A SR MR HETT H ZREE S e B (Natural Language
Processing, NLP ) - £ #5 =& 4] f& ] ( sentence detection ) ~ =3 ( word
segmentation) ~ FE 455 ( part-of-speechtagging ) S5 iE712 » i SO Hh i
HIE RV SRR e s P S SR N A fR i o A R (T
Bf » 2017) o SR EIAAL T SEAWEE S 03LEE ~ VARES - e Bl 2 A
HABRRY Z2 RS S DAL ERF SR R REIRE - nTER S & 45 ail 5 > (E TP SO UAR R S 7
WEZRME - R > & BEEEIEUNETT - P SUORIEE
FHVETERRRHE S 2A NLPIR KBUBEEREAE /172 - Jieba( 4512 )~
CKIP 37 B & 247 » BE AL FANT

1 NLPIR ABSEE S8 75

Natural Language Processing & Information Retrieval (NLPIR) ‘&
BRRFER et BRI 72 i 8 1Y SRS E M 2% - £ ZThRE EE T ol
5 S - S AEERI - MRS SRR - SRR
Z8 o PR RS AOR A TE S - RS B R SRR A R s AR - MEEZ
RS &< (2208 > 2006 5 §EZEFY > 2017) - feeid A i i AS 5 -

2. Jieba (#5E2)

Jieba (#5E5) J&—RKEZ [ FIAY Python 55 =5 th S » AT
6 5] HHLE 1T 3 B i 1 0 22 BB AT RE Bl ER R S Y A [ S B (B (directed
acyclic graph) - ZR1& SR FI B REAR B B PR AR ER 1S - TRt B s A i
KUV & - ARG ke PR A AR GG RE T8 HMM R AURT Viterbi
& > Jieba Ky BOK S R - (H ] 5P BORG h S ETER R E JE FeEA i 0 R
ALHE T R PEATEEAIRE S s AL ()RS - 2020) -

166



SRR TREER Y S R R N P

3. CKIP 3 ET5a %

Chinese Knowledge and Information Processing ( CKIP) o7 Bf&a 24478
FHEE R TS e ALY 2008 4R B (T B 0 T S0 A (T
IRAlHETT R M AREE (Ma & Chen, 2003) » 7R ] E 17 E 4 78 5al F IR AME
w5 F% o WAE GitHub ~F2 FEEEFFIZ=CAA (L, Fu, & Ma, 2020) - {H
25 B AT E R R R RS T S -
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EE 1% G SR SO B R AT i B BRI 7% SR PR B R Y SO
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o S ENse] S AR B SO EEAE 2D i BRI AR A TR - YRR
TR~ BRIRE ~ ER - BETHE - & (2008) i 48 ¥ 50 1H R
VLRI AN TERMEE T EE 3,120 (HgE5EM 3,485 ([l FaaHYERE
JENEA o HESE - A H MR R R A A TR PSS R - <<%DZ%Fi
o traagse) (HowNet) 2 — {1 LURE i e B it 2 [ R b L & Y
JE VR (5 R AR AN BRI AR - Ba EARHER - IERE RG] - £k
Al IR FE &R A1l aa 5 6 Flaalah 4t 12 {3+~ 3ZfF - 8,936 ([ TP H IR L 1B Rl
aHE G EE AR 219 fil th SRR E R R4 5REEER > 20161 235 0 2014 )
B A TS R HHRIEER 5 ] DR s R s > HA
TRAHBES © R > B E S B ST 5t pl A T Ry

» B X ANBREDITIT

ARt L (A S RAVIERY ~ RF ~ EamaPE > SUE AE TIE
HYRTR ~ EEEE DTG RRAE R AR - $ S SR
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(2013) 8 DA FEIJTARSEE] 3,078 ERIMIMENE - 7215 B S Ay AT -
oL HE S AT RAVE Sy > BT TAIRL R B BRIEGE - MR T
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7 3 v A 1 R B - 5 RE S TE S SR BRAE A 2 0 B Rim ARk -
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TR SR B SUSAYEHE S E T DLy B 4% 0 S0 R GRS SR EHY
i RESGE oy A B I A7 FETT R BB AG SR B - A
A EAE RSP TE R R R H S & AT -

Dwianto ~ Nurmandi B Salahudin (2021 ) #5522 % 5 B B B J& 15 3 et irfi
% (Covid-19) @2 HART » BZ T E B ik Twitter NG E HPTEMHBBS
JeEEE i - A 2019 4 9 A 21 HE| 10 A 21 HfE - el ( Jokowi ) ~ ]I
- (Trump) B 5 il S8 S5 BH S 700 51 R BAFTH8 = ga] 5 R IR o B T T
i TC & BURHESCHI B RUE R - FIIH Brand 24 HE{LERS - SE%5 38,813 HI
WS METTIHE R T - &REUR - RN ALTERYHESL R B
e Y & T 5 TR B R IE T S RN -

AT IR S 48RS SCA R RN o ST 58 HOW i 26 - 3% e R [5) e s
TTXARIB R HIRR - ¥ SRR TR AE G A ER - (A
SRIFHAER ETEENERRANTNRSERAC A Z R - FEwmEHN
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A2 ER -

168



Fr A IR FHAEFERB I HHR AP F

AT T ke iy S AR AR Z st - R R N T AR
B BRRG SR » HET T SOR R &Y 53 A > B 5 e S P SR AV B B e 5
WHERE RGN B 23R 2 B RGE A - (IR AL & AR S S AT 2 A
BAERL - WIFTE Ry R RI(EEL ST © S —El5r > RIBECERVRA R
A RE T R 4 uh A ZAH RS RE Y RGO (E A NLPIR R RE =
BEREIT P ERTOCAETTHRE - DA LR B 2R £SO - FiE
TTErs AR A M > AR RFRE IS IR ARET S PRI RO SR R R ST
BEE IO R - S8R5y BB R AT » A o SO ENER) e A e e B i
RAVSUARGEFELEY - I EI S 5 S IS R B GG s ET BSOS ROy
8o RERE STy R IR ~ RIS I 3 A A

— - RER

AR A RSN B A R PRSI AE S R i 7e i 5 - FEBRE A
B [EE A TR SO DI B S E RS WA AR EES
DU X BENE AT 2 M E IR - 23ISR E - mEE - RE
s~ Sl R R N Y 48 S I TP B R e Az e B HL e Ry B T I 3l
Z—EEE T - BEHER - PR EEE R - BN &iwmEAN
[EF2 S ARG = P RS (QIREM ) ~ AESCRERME 2= sm B K (JnU A
4 - FlabttlE ) SR RWNEE (WREENE ) FRE - R RS a5 R T
Htg o BED T EEE ) REREEERENSOREE S - T RETE
(https://user.guancha.cn/) & 2017 FEHEZHE LTINS TE » #iARE
W 20 EAAEE A5 P AT DASS PRI I~ L& B0GRE ~ tnde BT H
ATEEETTHARENNE -

TR THEE ) TREEEE ) TREETLE, MRERE - EEEEIKRE
RARE THEE ) AVERRELRE - tWeTsEsRA " o0k - T ROk, FaEEE
BOIA TSR~ T RS ) WERR R - EHDAA T EE D) & R ARG
30 DUORE KE BN TEFE L T A28 | SRRV RARE S » DL 2019—2020
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WY R AT A SO R st - «E N TORIEDAET - BT 162 R BLAE ZEAHRR A RS
e

= RIE

AR SCARPRET B K e 4 % S T AR S Y e e R LS IR 1) RIS
AN AL RRE - Bk A e T SRR R TH -

(—) CAREEE LUK EEFRE NLPIR REUEERERE T P2 1B
IR TREREFEKXRETHENERERESN TR > EREg R
Ingstitute of Computing Technology, Chinese Lexical Analysis System

(ICTLAS) J2 37 [r5a 2 2 » 2009 544 5 44 & Natural Language Processing
and Information Retrieval (NLPIR) » %5 5@ e iR e -~ Hig - 28
2R 13 THYIRE VIR P2 » BRI ZE 4 Y 2019 - (SREE - B
=, 2019 ; NLPIR1, 2021) -

(=) 0I5 RN e A e JoE PR FH A B TR B3 B B i 28 ZE pROIR A
Bz B E % - DL Ekman 1Y 6 RIFIE RIS R R A0 - BB R & 7 K
F 21 /N o e A e e oy Ry s~ EhaE ~ A~ BG4S
a0~ BREE ~ rEEEEEE T S EEHE R 0 1 R (| ) 0 2
Rz (AH) - 0 QIR » BEGREHSE MR 1356729
g% 15 iEa 27,466 {8 (TR ~ MROIBHE ~ BT - (E5E - BRiESS > 2008) -
AR A G B A IRGE A s Z S RGR E D PASReat » IR 8ok 1~ 3
5-7-9 7 5FHEL -

H SRR
—  BRIONEDGRIN

ATL5E R 162 T 4 iEs S B G SCAY YA ~ BEEH B PR ARTZ - (5] NLIPR K
BIERE I RE AT P E P RESOE T B R 0 162 RS HE 20,999
Tl o > SR ATH & 15 KM 43 (6 745 > J8EadEE 157,043 R (£ 1)
Bl AR ZE A S P (o Y5 B > DAA4ER] (47.207%) ~ Bl (34.849%) HHFH
BERY - LelE T LEIAH (8.424%) Fiih# (3.410%) H/HH A - &
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ai 2B #45a (6.300%) FIR K PEhEd (5.638%) (HHIf % - AIAI{E4ERS
s VB o 1 S MG SCEE DA B Ry i 2 1 R > $E O (E I Ehaal T 3R
B SO RRJEVRS s () R AR R 1T F R g e A

%1
BT ORh Y T A T2 R I
% %
st = S (DT
| 9,913 47.207 70,933 45.167
Byl 7,318 34.849 51,736 32,944
T 1,428 6.800 9,532 6.071
| 387 1.843 6,542 4.166
=3 224 1.067 5,695 3.626
ZlE] 624 2972 5,219 3.324
&R 431 2.052 3,580 2.280
S 432 2.057 2,686 1711
% el 114 0.543 786 0.500
R A 97 0.462 202 0.129
& 7 0.033 90 0.057
EIGE 4 0.019 4 0.002
e 6 0.029 12 0.008
Ri&R 1 0.005 3 0.001
FIER 13 0.062 23 0.014
g 20,999 100.000 157,043 100.000

P A U s Ry S EE ML E o AR E 9,913 fEgE o DL
YRR > HIEAS - 4 BB R MBS 6 -
IR RS I T B 2 R RS #E > SiEt 2 3AT 10 EE R o ARIHE
Emeamsgt bl DA TR TR TR, BB AR TR
R~ TETRM ) (REM) (B 1) FEBUB A IR RZET > B2
M ERAL BL T o~ TR AR ) RIR RIS o B
fERE R B e TR TR AR R o R EAM
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7 REEHT 17 HEE
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9 22954 19 #ErN
10 Rk 20 SHOOH
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Bp (HREREAERAE) T RN EREBED R 2P Ak

Ko 273 5 h) Cidthan " S AL B A0 p 0k KA PR QY
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Elttl& - 2019d)

BRSNS 2B T v R 28 —HERE A EY)
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[ Summary ]
I ntroduction

Internet forum, spontaneously formed by netizens, is an important medium
to discuss socia issues and exchange information, where public cognition,
attitude, and sentiment trend are collected to lead or control social discourse
power as well as influence public policy making. Archives work in Mainland
China is in the transformation and growth period, when the development
conditions of archives and the direction of people’ expectations in China could
be understood through forum content analyses.

Taking 162 posts about archival issues discussed on “Rumor Community”,
China, in 2019-2020 as the objects, NLPIR is applied to preprocess word
segmentation, part-of-speech tagging, and word frequency statisticsin the texts.
Chinese sentiment vocabulary ontology is then introduced to precede the
sentiment analysis to explore archival issues mostly concerned by people and
the sentimental attitude.

M ethodology

Internet forums are restricted to post contents with deep discussions and
open names for being responsible for the study. After browsing and selection,
“Rumor Community” is used as the post source. After searching and manually
organizing the content, text content mining analysis is preceded. The research
is divided into two parts. First, posts related archives in “Rumor Community”,
China, are searched according to the set keywords. NLPIR (Natural Language
Processing and Information Retrieval) is then used for text preprocessing.
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Irrelevant texts are eliminated manually, and word segmentation and part-of-
speech tagging are preceded. Post topics related to archival issues are organized
through word frequency statistics. Second, Chinese sentiment vocabulary
ontology is used for comparing processed text vocabulary to acquire the
sentiment score of vocabulary, for sentiment analysis. Word frequency is
combined to cal cul ate the sentiment scores of textsto classify postsinto positive,
neutral, and negative types.

Results
Word Segmentation Result of Archive Posts

The 162 archive posts cover 15 categories and 43 sub-categories, with total
20,999 types of vocabulary; total word frequency achieves 157,043 times,
mostly including nouns (47.207%) and verbs (34.849%). Common nouns or
politicians’ names appear the most in nouns, revealing that archive posts are
used to use persons, affairs, and objects as the topics, and verbs are matched for
word expression. The entire text word style tends to narrative, rather than
argumentative contents.

Archive Post Topics

Core topics appeared in archive posts are classified into two categories.
Specific figures and affairs mainly contain figures of “Mao Zedong”, “Chiang
Kaishek”, and “Stalin” and the related topics of “sino-soviet (China-Russia)”
and “Kuomintang (Kuomintang and Chinese communist party)”, as well as
events like “resist U.S. Aggression and Aid Korea’. Since archives are closely
related to history, archival contents become the core issues concerned and
discussed in public opinions, due to the exposure of historical eventsand figures.
Social topics are discussions about “archival access” and “archival work
practice” concerned by the mass society. People care about archive information
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which could be publicized, contents which could be shown in archives
exhibition, or interesting parts of archives work.

Archive Post Sentiment

The posts include 2,763 sentimental words, where positive words appear
the most (1,049 words for total 27,649 times), followed by negative and neutral
vocabulary. With the combination of frequency calculation, 83 posts show
positive sentiment, 73 posts are negative, and 6 posts are neutral. Since negative
sentimental words in posts present higher strength, the influence on post
sentiment trend is comparatively significant. It revealsthat netizens could apply
various sentimental words to express personal points of view and particularly
prefer using high sentimental words to highlight strong attitude; the posts
therefore show obvious sentiment trend.

Archive Core I ssue Sentiment

People’ discussions about specific figures or events often start from the
perspectives of rumor clarification, truth restoration, or historical issue criticism
to present remarkably negative sentiment. For archives work, they would
present positive emotions of curiosity and study, and merely appear critical
attitude towards negative events with major mistakes. It isworth discussing that
the post authors of archival access issues do not show opposed or critical
behavior on archival access. However, when the post contents mention about
archival contents involving in past grey historical situations, negative
vocabulary would be inevitably used to result in different sentiment cal culation
results from the authors’ actual attitudes. Apparently, there are still differences
in deriving an author’s statement content tendency simply from sentiment scores.
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Conclusion

The application of digital tools to text content analysis is the cooperation
process between people and machine that it requires humanities researchers
participation in interpretation and judgment for constant correction and
perfection.

The analysis of archive topic posts in Internet forums would present the
core issues of figures and events as well as reflect the archive work focus
concerned by the mass society within a period of time.

Analyses of sentiment corresponding to archive post score issues reveal
that people, when facing archival affair issues, tend to negative attitude and
often view social issues from critical perspectives, but appear more positive
emotions on archives work to reveal the interests and expectations on archives
work.
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